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Figure 1 Self-supervised remote sensing image retrieval framework based on cross-quantization and sample correction
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Self-supervised Remote Sensing Image Retrieval Based on

Cross-quantization and Sample Correction

PAN Lili', QU Dongliang®, YIN Jingjing’, MA Xueqiang'

(1. School of Computer Science and Mathematics, Central South University of Forestry and Technology, Changsha 410000, Chinaj; 2.
School of Electronic Information and Physics, Central South University of Forestry and Technology, Changsha 410000, China)

Abstract; In view of the fact that the self-supervised remote sensing image retrieval model by using the sample pair
for learning due to the lack of labels, resulted in sampling bias and affecting the accuracy of image representation,
a self-supervised remote sensing image retrieval model based on cross-quantization and sample correction ( CQSC)
was proposed. Firstly, in order to reduce the load of data storage and processing, the mapping layer and product
quantization in traditional contrast learning were combined to compress the high-dimensional image data and im-
prove the retrieval efficiency. Secondly, the cross-learning strategy was used to maximize the cross-similarity before
and after the feature mapping in the retrieval model, and the feature generation ability and retrieval accuracy of the
model were enhanced. Finally, design adaptive correction labels to annotate training samples, correct erroneous
negative samples during training and address sampling bias caused by missing labels in self-supervised remote sens-
ing image retrieval. Experiments on UCMerced and EuroSAT datasets showed that compared with PLSH, mAP@ 20
of CQSC improved by 2. 52 percentage points on average on UCMerced, and mAP@ 100 of CQSC improved by 3. 83
percentage points on EuroSAT with 64bits.

Keywords: remote sensing image retrieval; contrastive learning; product quantization; cross-learning





