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Pl 4 S P R D5 i (T - s 0 A8 0 O 0 5 i ik
(75 1% ) 9 I A 4 B SR T e o A [
W ORI R — 20, B R T S BT R S
12 W R 1 e o N1 1 I VR VU R
S D RITE RS — 2P i B Al LR kgt KB
FR I 30 5 2 IBC S B 5 2R 0 A O IR 4 ] LA
A ABGEGE T Y O R A A R R AR R
I AR H AR A, 6845 1ML E RE % S AT BE H $2 i
ok AHIX AN F AR R 22 2 2 T MU0 1 FE R Y
DR T e 2 014 7 B0 435 R AR 45 5 70 A 181 m] LU 21 1
EARIE

(EL DAL LA 19 8 58 90 I 20 A ), B R —
He T BE ) F b (AR ME 2R A 58 B 09 I A 45 A . X
SR 1 3 16 B 1 T A R b e 285 B (L0 0 T
R B B DAL A A i ) Ak A A B B Y
BREME , Bl 5 — 4R U |, 8 AR 24K
YR, ) v o i R LA/ HL 5 ] 2 U
AT B 5 B AR /N L TR o3, UG Xk e 0 B A )
A4 BRI AT DR AR A S R R P R
M 2 78 20 5 — 25 70 | Z % ) 4 00 o0 1) R dls
PEATRR AT IR 4 R AT LUA Y, &0t K 4 {H

700

I

600} ROV R P m%jﬂﬂgﬂﬁ}_
Ey : :
1 300 ; :
200 i
100 L

0 200 400 600 800 1000 1200 1400
2 A

4 AEMERDEESITSHE
Fig.4 Intensity distribution of two stages of

vessel extraction
GHES ESIERNETE PR O R i s g E TR bri )
B A4 AR ST, T L 20 (406 i 26) L AT 5l
I AR AT (BT ), W A5 e 2 45 2R 10 4
JEE 73 A3 AN 5E 4K
TG PG 3 O ORI R R R
FH 2SN AL 2250 DSC KPR 43 1 3k
N{M N G}
NIM| + NG|

M F G o5 BIEEE RS LA RN

DSC =2 x x 100, (4)



22 PPN i o QRIS oy )

2019 4

M AR AE, 2 MG TT R AR AR R I 1
W, MR G B AR AT R T & 0 o 0. [Rl B, ik
SYRH P T 13 B T g U145 R Ay B8
SR B INER 2 .
F2 MBECREELRODERGHESH
Tab.2 TOF MRA parameter

B¥agms RSF/mm 43 ¥E %/ mm JEE/mm
#1 ~2 512 x512 x136 0.468 8 x0.468 8 1.4
#3~6 512 x512x136 0.699 9 x0.699 9 1.4
#7 ~10 512 x512 x177 0.5729 x0.572 9 1.4

#11 ~13 512 x512x116 0.429 6 x0.429 6 1.4

BLAN, ZE 3 BT 3 0 vk R 5 AR R A BRE
AT IR LAY B AT I B TP 4 A 4R
(19335 20 6 TR O 0 0 4 SRR AT TR

A NN Al

(a) BEALAR R

(b) FEBIFE AR

Fo. IB1S g il T M — BRI 3 R T IE I 23
S S RTRLE R TR A 3 Rl s vk
AP REAT 2 BN W B9 &5 R (EXE T A A 15
GE A BRIE G BT M B IR o S A W B A X
JE H TR 0N I A T 0 B R RE B AR O B, TR R
AR B R, SR P — A9 ) 531 o D) AR R At
Sy PR HCH R T3 2 AR AR A o A Bl I 3R LS
BT B RE Rz BRI T K O SR 5K i BE B eR R
AE B HCHE T8 23 20 /08 1L A B 23 S, AL 5 (b)) B A
FEIEAME P /i . 102 38 BT $ 09 2l /9 7 ik, 7 4
/IN LA ) 5 BT T A GF T 48 T 8 80l A A [ R
JEE A B, T ELE LA B 2 x4 RE R B S O W]
AR, e A 2Rt B T ik A AR ) I S RY
i SE T I AR G

1 ‘g
A b %
¥ y > /
D !
~ M v/
p

(o) EH R MTT

BS 3#AENSENR
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Optimal Operation of Active Distribution Network Using Modular Solution

ZHANG Hongbin', WANG Kewen’

(1. State Grid Economic and Technological Research Institute Co. Ltd., Beijing 102209, China; 2. School of Electrical Engi-
neering, Zhengzhou University, Zhengzhou 450001, China)

Abstract. By optimizing the operation mode of the active distribution network, the operation plan of distribu-
ted generation, reactive equipment and energy storage equipment could be arranged rationally, and the opera-
tion efficiency of distribution network would be improved. The operation cost and the voltage qualification rate
in a distribution network were used as the minimize objective, and the operation requirement of power grid and
equipment were used as constraints, day-ahead and real-time optimization models with active and reactive pow-
er coordination were established. Characteristics of all kinds of variables in the optimization model, and effect
degrees of time series in variables were analyzed. Solution modules corresponding to continuous variables, two
types of discrete variables, and the coordination between time intervals were established, and the overall opti-
mum was achieved through the iteration among modules. Combined with the characteristics of distribution net-
work , the modular processing method was a simplification of the traditional nonlinear mixed integer dynamic
programming algorithm, which has obvious advantages in computing resource demand. The calculation and
analysis in the 118-bus example showed that the proposed algorithm was feasible and practical.

Key words: active distribution network ; day-ahead scheduling; active and reactive power coordination; dis-

tributed generation; controllable load
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Cerebral Vessel Segmentation Based on Adaptive Clustering Centers

WANG Zhe'?, ZHAO Shifeng' >, TIAN Yun'?, WANG Xuesong'**>, ZHOU Mingquan'"’

(1. College of Information Science and Technology, Beijing Normal University, Beijing 100875, China; 2. Beijing Key Laborato-
ry of Digital Preservation and Virtual Reality for Cultural Heritage, Beijing 100875, China)

Abstract; Cerebral blood vessel segmentation was a key step in three-dimensional (3D) reconstruction, com-
puter aided diagnosis and quantitative analysis. Due to complex geometric structure, small area percentage,
low contrast vessel segmentation was still a challenging problem. Based on traditional statistical method with
intensity, an improved K-means algorithm based on self-adapting clustering centers with gradient of remaining
voxels preserved from previous step was used for further extraction of thin vessels. Firstly, one Rayleigh distri-
bution and two Gaussian distributions were adapted to model background, tissues and vessel areas, respective-
ly. And EM algorithm was used to estimate parameters for Gaussian distributions. Then posterior probability is
used to extract the main body of blood vessels. Secondly, the remaining part containing the low contrast vessel
areas and vessel edges was computed for gradient. An improved K-means method with self-adapting clustering
centers was proposed to detect those areas. Experiment result demonstrated that our method was better than
traditional statistical methods, especially at low contrast branches and vessel edges.
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