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Fig.1 The linear classification model
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Fig.2 The artificial fish model
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Fig.3 The analysis results of noise
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Fig.4 The analysis results of activate tag
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Fig.5 The test’s flowchart based on IAFSA-SVM
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Fig.6 The test’s results of normal signal
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Fig.7 The test’s results of normal signaland noise
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Fig.8 The test’s result of the activate tag
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Tab.2 The experimental resultof Wilcoxon
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