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Fig.1 The structure diagram of developmental
network model
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Fig.2 Five kinds of different orientation images
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Fig.3 The division of images
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Fig.4 The diagram of structure
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Fig.5 The diagram of training
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Fig.7 Images of different pose and illumination
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Study of Face Orientation Recognition Based on Development Network

WANG Dongshu, TAN Dapei, WEI Xiaoqin

(School of Electrical Engineering, Zhengzhou University, Zhengzhou 450001, China)

Abstract. Based on the characteristic of face orientation, position and the light background in face recognition, a

new method of face orientation recognition based on development network is proposed. The characteristic of human’

s eye was very prominent, so the position of eyes was chosen as the face orientation feature vector. And the devel-

opment network model was used to recognize human’ s face orientation in the different light background images. The

result showed that this method could effectively solve the difficult problem of face orientation recognition under var-

ying illumination conditions by comparing with the test results of other methods, which was fast, stable and effec-

tive. The recognition rate was as high as 100% .

Key words: development network ; face orientation recognition; light background ; feature vector; recognition

rate



