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Fig.1 Block diagram of iris recognition system
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Fig.2 The original iris image
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Fig.3 Iris image after location
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Fig.4 Sketch map of image normalization
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Fig.5 The image after normalization
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Fig.6 Iris image after enhancement

2 HIFR¥FAEREX

2.1 Log-Gabor i i 82
Log-Gabor J§ ik #% fix i 72 th Field $2 (19, &
I IN R N T ESS W
- (In (f7f))*
G(f) =exp 2 (n (B/f))) (2)
2o f AR R 2 09 O R 5 B R B, R
DRUE T8 B A5 1 TP AR AN 7E.

Log-Gabor JEJE #% [ B 4534 i@ Gabor JE I% 2%
AIOE RO 38 H48 LR JLAS 45 s — J2 Log-Gabor
B AR BT ELWL 20 i, SO B A A 58T AR Z R
il s — /& Log-Gabor J§ I #i% 7T LA AT w5 55 K 9 4 32
T 5 = J2 1A% 8 bR BT & W A — D IE K Y
B, X e —E R JE LoRAh 7838 Gabor I8¢ &% id
JE R IR AR 43 £ 10 X6F 155 490 3 i 3R IA AN T2 Y R A
[F] A, 1 AR 60 2R 48 HA R v B i AR 2k,
2K, R Log-Gabor J1§ ¢ % AT LA S fin B 52 2 ik
T 58 30 AR B A 3
2.2 HHEREEZX

Xof W Y A 0 s A S T Ao K U — e ) o S
185 —4E /) Log-Gabor /Nl 45 BUR S BLH9 - 45 —
e IH — AL BB i R — R — 455 R R
FEIE B S (555 W5 1D Log-Gabor /it i# 17
LA T A Y R PR B AT 1 i R R
AR G DRIt 8 A 1 U — Ak R 5
—IENE—D 45T B, BT — 455 X
O AT IS DX B e ) — A [ B

TR TR A R R DX R B B
JE) BER 2R 107 (B, 35 R AT LR I 75 XoF 7 90 4%
g ARSI . 32 B8 Daugman 9 7 W I I 88 1O B
HERE A7 AR DU 9%, % A A A7 B DB 3 A% 7 A —



5% 3 3

KA AF BT R M LS Hamming 25 A9 0 IR 51 05 ¥ 27

A~ 2 bit BRE , AR AL A A I o — A B G
1, — D RIREAR B 75— DGR, A —A 1
RO R . BT UL AT A O A — A B R RN
F— R AE(EL, G S AR 0 R A 20 1) YRR AT 1 Y 79
AMFFAEAS R R UNSR Re[w ] =0, WUIAH R A9 4511 A%
LA E O [FBL, W2R Im[ 2] =0, LA R (9 45
AERS o 1, 75 W o 0. AH A7 4 5% 7 3 1 4
K7 .

E7 tHEBBEREE
Fig.7 Sketch map of phase encoding
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Fig.8 Sketch map of feature code
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Fig.9 SVM recognition principle
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Iris Recognition Method Based on Support Vector Machine and Hamming Distance

ZHANG Zhen, ZHANG Ying-jie

(School of Electrical Engineering, Zhengzhou University, Zhengzhou 450001, China)

Abstract; In order to solve the problem of traditional iris recognitions focusing on feature extraction, a new

method focusing on pattern matching was proposed, which was named iris recognition method using support

vector machine ( SVM ) and Hamming distance. Firstly, normalization was used to process the iris position

which was located in the eye images. And then Log-Gabor filter was used to extract the features. After obtai-

ning iris feature codes, SVM and Hamming distance were used to classify the iris features. Experiment results

on the CASIA iris database showed that recognition rate of this method reached 99.63% , false acceptance rate

and false rejection rate were reduced to 0.02% and 0.35% compared to the classical recognition methods.

Key words: iris recognition; support vector machine; hamming distance; Log-Gabor filter



