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Power Load Characteristic Classification Technology Research Based on
an Optimal Fuzzy C-means Clustering Algorithm

ZHAO Guosheng' NIU Zhenzhen' LIU Yongguang® SUN Chaoliang

(1. School of Electrical Engineering Zhengzhou University Zhengzhou 450001 China; 2. Henan Xu Ji Instrument Co. Ltd
Xuchang 461000 China)

Abstract: In view of the disadvantages of the traditional Fuzzy C-means clustering algorithm the author pro-
poses an adaptive FCM algorithm. This algorithm is based on two clustering results evaluation index of within
the class distance MIA and between the class distance MDC. The ratio of MDC and MIA defined as I is an
adaptive function to determine the clustering number ¢ of FCM algorithm. At the same time according to the
fuzzy decision method we use the objective function and partition entropy of FCM algorithm together to deter—
mine the value of optimal fuzzy weighted m. This algorithm not only overcomes the FCM algorithm disadvan—
tage of not being able to determine the clustering number automatically and fuzzy weighted index needs to be
given by experience but also the clustering result is optimal. Finally the correctness and effectiveness of the
algorithm were proved through example analysis.

Key words: load clustering; FCM; load characteristic; daily load curve
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Study on Optimal Allocation Algorithm of the Visible Light Communication LED Array

YE Huiying WANG Li LIU Jinliang

( School of Information Engineering Zhengzhou University Zhengzhou 450001 China)

Abstract: In view of the limitation of the visible light communication light source layout optimization this pa—
per presents a universal optimization layout of light source. The simulation results show that using the light
source layout of the algorithm not only can make the average area of the room reaches the maximum spectral
efficiency and uniform distribution of illumination. Illuminance level is between 400 Ix and 1500 Ix which can
meet the demand for lighting. Therefore this algorithm can be used as an optimization algorithm for the layout
of the universal light source.

Key words: visible light communication; LED array layout; optimization algorithm; universal



