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Tab.2 Best compromise solutions obtained by different algorithms
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MOEA/D 0.31443 0.398 15 0.48865 0.47876 0.50032 0.42145 0.23224 571.70 0.196 28
MODE 0.358 69 0.32153 0.46572 0.47448 0.49278 0.46999 0.250 81 574.01 0.196 34
MOEP 0.33782 0.39360 0.46066 0.49412 0.508 41 0.44357 0.195 82 580. 14 0.196 12
NSGAIl  0.241 51 0.42536 0.44765 0.40437 0.56800 0.51627 0.230 84 577.73 0.196 79
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MOEP IR EAR 2.8317 0.002 35 638.67 0.194 32
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NSGAI AR AL 2.783 6 0.005 03 625.31 0.194 35

ORI T e 3 2 3 45 .4 FhAA AR BE SRS
B A SE LY Pareto F AL AT 1. 2R F§ MOEA/D
e FITARAS ) B A0 1T U 43 A o 35 40 76 B R T,

B0 s 1 S 2 8 AL e 2.
F4 TRMEMEN TR E

Tab.4 The average time required for different algorithms
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Abstract: The Environmental Economic Dispatch ( EED) model integrating wind power is established. The

Multi-objective Evolutionary Algorithm based on Decomposition ( MOEA/D) is proposed to solve the model

with the constraint handling methods, normalization and mutation operation to improve the performance of the

algorithm and maintain the diversity of solutions, which can obtain the ideal Pareto optimal front. Simulation

tests were performed and the results show that,through comparative analysis with other optimization algorithms ,

the MOEA/D is more feasible and effective in solving EED problems with wind power.

Key words: wind power; EED ; multi-objective evolutionary algorithm ; MOEA/D ; Pareto optimal front



