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Modulation Recognition of MQAM Signals Based on
Semi-supervised Clustering Theory

SUN Gang-can, LI Ping-ping, SHEN Jin-yuan, ZHAO Hai-dong

(School of Information Engineering, Zhengzhou University, Zhengzhou 450001, China)

Abstract: In the modulation classification of MQAM signals, clustering points based on traditional clustering
algorithm is not accurate. The number of iterations of the algorithm is more and the error sum of squares func-
tion curve is not smooth. To solve this problem, this paper presents a MQAM signal modulation recognition
method based on semi-supervised clustering theory to reconstruct signal constellation diagram. By marking
some sample points to guide the membership and updates of the cluster centers, combined with SVM classifica-
tion, the different levels of MQAM signal’ s recognition are realized. The simulation results show that the algo-
rithm for MQAM signal recognition rate is greater than 90% , has less iteration and the error sum of squares
function curve is smooth.

Key words: semi-supervised clustering; modulation classification; constellation diagram; support vector ma-
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