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Fig.1 Sample images of pedestrian and non - pedestrian
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Tab.1 The recognition rate of different test methods
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Tab.2 The recognition rate of different kernel functions
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Pedestrian Recognition based on Invariant Moments Algorithm

GAO Xiang-dong, YANG Da-peng, LIU Hong

(School of Mechanical Engineering, Zhengzhou University, Zhengzhou 450001, China)

Abstract; Pedestrian recognition is essential for intelligent assisted driving and intelligent vehicles. A method
of pedestrian feature extraction and recognition based on invariant moments algorithm is proposed. The invari-
ant moments have the accustomed invariance for translation, rotation and scaling of targets which can be used
as the invariant characteristic vectors. It includes more details of features which are added to three expressions
on the basis of HU invariant moments. The support vector machine classifier is used to test the recognization of
pedestrians, and the effect of factors affecting recognition is analysed. The experimental results show that the
invariant moments can be selected as the pedestrian characteristics and can give good effectiveness for pedestri-
an recognition. The high rate of pedestrian recognition demonstrates that the proposed method can recognize
the pedestrians and non - pedestrians effectively.

Key words: invariant moment; pedestrian recognition; intelligent assisted driving; intelligent vehicle; sup-

port vector machine classifier



