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Fig.1 Highly autocorrelation voice series
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Fig.3 figures after normalized
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Fig.5 Remain voice proportion of
different SNR and autocorrelation
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Confirmation Researching on Robustness Speaker based-on Normalized

Autocorrelation Voice Selection

WANG Shan, GU Cheng

(School of Physics and Electronics, Henan University, Kaifeng 475000 China)

Abstract: Aiming at the situation that the voice was vitiated by positive noise and the difference of pollution

extent between different parts of the voice, preserving the polluted parts of voice will bring in negative affection

to the confirmation system of speaker. This paper gives a method that based on normalized autocorrelation ro-

bustness selection. Normalized autocorrelation not only shows the correlation of short ~ time voice frame, but

also shows the polluted extent of voice. As a result, we can wipe off the deeply polluted voice through the nor-

malized autocorrelation. Experiments showing, through the normalized autocorrelation wiping off the polluted

voice, can improve confirmation ability of speaker in high noise environment.

Key words: normalized autocorrelation; voice selection; robustness; speaker confirmation



