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Improved BLSTM Food Review Sentiment Analysis
with Positional Attention Mechanisms

LI Yong, JIN Qingyu, ZHANG Qingchuan

(National Engineering Laboratory for Agri-product Quality Traceability, Beijing Technology and Business University, Beijing
100048 China)

Abstract: In order to more accurately classify the emotional tendency of food reviews. In the case of emotional
semantic analysis, CNN had certain advantages in extracting the structural features of the target, and could ex-
tract a variety of local features. With memory function, RNN had certain advantages in sequence feature ex-
traction. Bidirectional Long Short-Term Memory ( BLSTM) could achieve good results in extracting remote-de-
pendent sequence semantic features. Based on BLSTM, this paper introduced a positional attention mechanism
based on the combination of semantic role labeling and location in the food field. The distance-related sequence
semantic feature extraction was realized, and the sentiment semantic classification of sequence semantic fea-
tures was realized by CNN, and a food comment sentiment analysis model based on BLSTM and positional at-
tention mechanism was constructed. Experimental results showed that the model designed could achieve good
results in emotional classification, and an improved accuracy rate compared with the previous sentiment classi-
fication model.

Key words: sentiment analysis; review; blstm; CNN; positional attention mechanisms



