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Fig.1 The flow chart of the algorithm in this paper
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Fig.3 Candidate shadow detection based on
HSI color space
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Fig.4 Vehicle region detection based on texture feature
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Fig.5 Vehicle region detection based on edge feature
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Fig.6 Shadow removal with multi-feature fusion
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Shadow Removal Algorithm for Moving Vehicles Based on Multi-feature Fusion

WU Guodong, ZHANG Aimei, HUANG Xiao, YAO Pengwei

(School of Mechanical Engineering, ZhengZhou University, Zhengzhou 450001, China)

Abstract; In traffic video detection,the shadow of the vehicle was often wrongly detected as the vehicle itself,
which directly affected the accuracy of the vehicle detection.In this paper, a vehicle shadow removal method
based on color space, texture feature and edge feature was proposed. Firstly, the background model was estab-
lished by the traditional mixed gaussian method, and the foreground target was extracted.Secondly, the candi-
date shadow of the foreground target was detected by threshold method in HSI ( Hue-Saturation-Intensity )
space. The LBP operator combined with edge feature detection method was used to extract the moving target.
Finally, combining the foreground target detected by LBP operator and edge feature with the shadow object de-
tected in HSI space, the actual shadow region could be detected.The real moving foreground target could be
obtained. The simulation results showed that the proposed algorithm could effectively remove the shadow of
moving vehicle, and was good accuracy and rubustness.

Key words: vehicle detection; shadow removal; edge detection; HSI; LBP



