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Fig.1 Diagram of pre-warning system
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Fig.2 Noise and after eliminating offending points
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Fig.3 Schematic diagram of the mean value calculation
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Fig.4 Schematic diagram of velocity of variation
calculation algorithm
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A Review: Pre-warning System of Qil-Drilling Engineering

LI Guang'®, ZHANG Heng', WANG Jie', ZHU Xiaodong', YUE Caitong'

(1. School of Electrical Engineering Zhengzhou University, Zhengzhou 450001, China; 2. 22th Research Institute of China Elec-
tronics Technology Group Seventh Research Department, Xinxiang 453001, China)

Abstract; Warning technology of drilling engineering was the key technology of drilling safety protection.
Through the monitoring of real-time well site drilling process parameters, huge amounts of drilling data mining
and intelligent learning, abnormal state modeling and optimization, abnormal characteristics of the early warn-
ing model online judging process, achieved the goal of oil drilling abnormal state early warning, and preven-
tion of drilling engineering accidents. This paper reviewed the development course of early warning technolo-
gy, introduced the drilling engineering warning technology architecture, and also introduced the early warning
technology in detail and compared their characteristics, finally depicted the development of future early warn-
ing system for drilling engineering.

Key words: drilling; pre warning; data mining; feature extraction; modeling



