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Tab.1 The features list of 31 days
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Fig.3 Contrast of forecasting results

and real power load
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Tab.2 Error contrast of forecasting methods
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Short-term Power Load Combination Forecasting Method

LUO Yong, ZHENG Jin, NING Mei-feng

( School of Electrical Engineering, Zhengzhou University, Zhengzhou 450001, China)

Abstract; In order to solve the defect and the poor prediction accuracy of different prediction methods in
short-term power load forecasting, the combination forecasting method based on wavelet neural network is pro-
posed. First, the wavelet neural network prediction model and the historical average model are used to predict
respectively. Then, the predicted views of the two models are combined by wavelet neural network. Compared
with BP neural networks combination model, the prediction accuracy of this combination forecasting model is
improved greatly. Fuzzy clustering analysis method is utilized in this paper to select training samples of the
combined model,the training sample redundancy is reduced and the prediction accuracy is improved.
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Design and Research for the Layout of Spin Riveting Machine
Based on Substance-field Analysis

YUAN Feng', DING Ze-xin', LI Yue-mei’, ZHU Jun'

(1. School of Mechanical Engineering, Zhengzhou University, Zhengzhou 450001, China; 2. Tangshan Jidong Petroleum Me-
chanical Co. ,LTD, Tangshan 063200, China)

Abstract: Based on substance-field analysis theory, firstly, the design conflicts are described, according to
the actual demands of design for the layout of Spin Riveting Machine in the automatic assembly system of saw
chain. Secondly, substance-field model of chain shaft riveting is set up. Finally, the design space conflicts are
solved by using the 76 standard solutions and the final ideal solution of the layout of Spin Riveting Machine is
found out, which reduces the whole system’s research and development time. In a word, the successful trial
of automatic assembly system of saw chain will greatly enhance saw chain’ s assembly efficiency and quality,
reducing its production cost and prolonging its using life effectively, so it is important to the technology pro-
gress of enterprises.
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